Faster DAN: Multi-target Queries with Document Positional Encoding for End-to-end Handwritten Document Recognition
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Introduction Approach: parallelizing text line recognition

Handwritten Document Recognition (HDR) = recognize text & layout A two-step decoding process with document positional encoding:

SO'TA approach for end-to-end HDR: autoregressive character-level attention decoding process

First pass: start-of-line character recognition Second pass: completing lines in parallel
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» Generic approach for character-level attention-based models input image X

» Competitive results on three public datasets with the DAN architecture
» At least 4 times faster than sequential prediction process

The DAN architecture
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